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Faculty of Medicine, University of Zaragoza, Zaragoza, Spain, Research Group GlIS063-Aragén
Health Research Institute (lIS-Aragon), Zaragoza, Spain

Background: The rapid expansion of artificial intelligence (Al) and work digitaliza-
tion is transforming occupational environments, introducing new psychosocial
risks while also creating potential opportunities for improving workplace well-
being. However, current evidence remains fragmented and heterogeneous.
Objective: This scoping review aimed to map and synthesize the existing sci-
entific and grey literature on the impact of Al and work digitalization on mental
health, well-being, and psychosocial risks among adult workers.

Methods: A scoping review was conducted following the Arksey and O'Malley
framework and reported according to PRISMA-ScR guidelines. A comprehen-
sive search was performed across multiple databases (PubMed, Scopus, Web of
Science, ScienceDirect, Scielo, LILACS, Dialnet, and Google Scholar) and grey
literature sources from international occupational health organizations. Studies
published between 2016 and 2026 in English and Spanish were included. A total
of 43 sources (23 scientific articles and 20 grey literature documents) were
analyzed using thematic synthesis. The review explicitly distinguishes between
Al-specific occupational exposures and broader digitalization processes to
improve conceptual clarity.

Results: Al and digitalization were consistently associated with multiple psycho-
social risks, including technostress, work intensification, job insecurity, reduced
autonomy, and blurred work-life boundaries. Algorithmic management and digi-
tal monitoring emerged as key drivers of stress, anxiety, and burnout. However,
potential benefits were also identified, such as increased efficiency, flexibility, and
professional development, particularly when supported by adequate training and
organizational resources. The impact of digitalization was context-dependent
and unevenly distributed, disproportionately affecting older workers, lower-
skilled employees, and vulnerable groups. Digital and Al literacy emerged as key
protective factors.

Conclusion: Al and work digitalization represent complex and context-depen-
dent determinants of occupational mental health, with both risks and opportu-
nities depending on organizational, technological, and individual factors. These
findings highlight the need for human-centered implementation strategies,
strengthened regulatory frameworks, and targeted preventive interventions to
mitigate psychosocial risks in digitalized work environments. Given the hetero-
geneity of the available evidence, findings should be interpreted as exploratory.
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1 Introduction

The world of work is undergoing profound transformations
driven by demographic changes, economic instability, the impact of
the COVID-19 pandemic, and the rapid digitalization of work pro-
cesses. In particular, the integration of artificial intelligence (AI), auto-
mation, and digital technologies has emerged as a key determinant of
occupational health in the 21st century (1).

Within the European context, Spain can be considered an illustra-
tive example of broader structural challenges affecting occupational
health, including labor market instability, adverse working conditions,
and an aging workforce. These factors are not unique to Spain but
reflect wider trends across European labor markets that may influence
the impact of digitalization on workers’ mental health and well-being.
This contextual reference is intended solely to illustrate broader struc-
tural patterns and does not imply a country-specific focus of the
review (2).

Psychosocial factors at work—encompassing organizational struc-
tures, job design, management practices, and interpersonal relation-
ships—play a critical role in workers’ health and well-being. Exposure
to adverse psychosocial conditions has been linked to increased risks
of mental and physical health disorders, absenteeism, reduced produc-
tivity, and human error (1-3).

In this context, digitalization has significantly reshaped work
environments, altering job roles, working conditions, and occupa-
tional risk profiles. In occupational health practice, these techno-
logical advances offer new opportunities for risk prevention,
health surveillance, and the optimization of clinical and preven-
tive processes (4). However, they also introduce emerging chal-
lenges, including work intensification, ergonomic and
musculoskeletal risks associated with automation, cybersecurity
threats, and psychosocial stressors (5, 6), as well as additional
physical and ergonomic risks in highly automated environ-
ments (7, 8).

Artificial intelligence, in particular, plays an ambivalent role in
occupational health. On the one hand, it enables more proactive, data-
driven approaches to prevention and decision-making. On the other,
its implementation may generate tensions related to professional
autonomy, decision-making processes, and organizational control,
especially when integrated into complex work systems (9-11).

The integration of AI into health-related fields further illustrates
its potential to transform decision-making processes, while also rais-
ing concerns regarding reliability, safety, and professional responsibil-
ity (12-15).

From an occupational health perspective, artificial intelligence
(AI) can be understood as a set of data-driven systems capable of per-
forming tasks that typically require human cognitive functions,
including decision-making, prediction, and pattern recognition. In
workplace contexts, Al is particularly relevant as a mechanism of algo-
rithmic decision-making, monitoring, and task allocation, which
directly shapes psychosocial exposures and working conditions
(16, 17).

The rapid expansion of digital technologies within the context
of the Fourth Industrial Revolution has profoundly transformed
the organization and nature of work. These transformations have
significant implications for mental health, as changes in job
design, work intensity, and organizational control mechanisms
directly influence psychosocial risk exposure. Emerging evidence
suggests that digitalized work environments may contribute to
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increased stress, burnout, and work-life imbalance, particularly in
contexts characterized by high demands and reduced autonomy
(18-21).

The literature has identified several key psychosocial risks associ-
ated with digitalized work environments, including job insecurity,
technostress, social isolation, role ambiguity, work-life boundary
blurring, and algorithmic surveillance. These factors have been con-
sistently associated with adverse mental health outcomes, such as
anxiety, burnout, sleep disturbances, and reduced overall well-being
(20, 22-28).

While digitalization offers substantial benefits, its impact on occu-
pational health is highly dependent on organizational, regulatory, and
individual factors. Evidence suggests that the negative effects of digital
work can be mitigated through appropriate management strategies,
digital competencies, and preventive interventions aimed at reducing
digital stress and enhancing worker autonomy (29).

In parallel, the growing implementation of Al in occupational set-
tings raises important ethical and regulatory challenges. Concerns
related to algorithmic transparency, data protection, bias, and profes-
sional responsibility have led to the development of regulatory frame-
works at both European and national levels, including the European
Union Artificial Intelligence Act (30-35), which aims to ensure the
safe, ethical, and human-centered use of Al technologies.

Although artificial intelligence and broader processes of work
digitalization are conceptually distinct, they are closely interconnected
in contemporary occupational settings. Digitalization encompasses a
wide range of technologies that transform work organization, includ-
ing remote work systems, platform-based labor, and electronic moni-
toring, while Al represents a more specific subset of these technologies
characterized by data-driven decision-making and automation capa-
bilities (16). In practice, these processes often co-occur and interact,
jointly shaping working conditions, job design, and psychosocial risk
exposure. For this reason, this review adopts an integrated analytical
approach, while maintaining a conceptual distinction between
Al-specific mechanisms and broader digitalization processes. In this
review, this distinction was operationalized during data extraction and
synthesis by classifying exposures as AI-specific or broader digitaliza-
tion-related where possible.

Despite the growing body of literature on artificial intelligence and
work digitalization, important conceptual and empirical gaps remain.
In particular, existing studies often fail to clearly distinguish between
Al-specific exposures—such as algorithmic management, automa-
tion-related job insecurity, and Al-driven decision-making—and
broader processes of digitalization, including the use of information
and communication technologies, telework, and platform-based work.
Moreover, the current evidence base is highly fragmented across dis-
ciplines, methodologies, and types of sources, with limited integration
between scientific literature and institutional reports. This fragmenta-
tion hinders a comprehensive understanding of how these technolo-
gies influence mental health and psychosocial risks in occupational
settings. To our knowledge, no previous scoping review has systemati-
cally integrated both AI-specific and broader digitalization-related
exposures within a unified analytical framework while explicitly
addressing their differential impact on psychosocial risks and mental
health outcomes.

Therefore, this scoping review seeks to address these gaps by pro-
viding an integrated overview of the main psychosocial risks, contex-
tual factors, and potential opportunities associated with Al and work
digitalization.
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2 Objective

This scoping review aims to systematically map and synthesize the
existing scientific literature on the impact of artificial intelligence and
work digitalization on mental health, occupational well-being, and
psychosocial risks among adult workers. It also aims to identify key
psychosocial risks and potential opportunities, examine the organiza-
tional contexts in which these technologies are implemented, and
highlight research gaps to inform future research and occupational
health practice.

3 Methods
3.1 Study design

A scoping review was conducted following the methodological
framework proposed by Arksey and O’'Malley and further refined by
Levac et al. and Daudt et al. (36-41). The review was reported in
accordance with the Preferred Reporting Items for Systematic Reviews
and Meta-Analyses extension for Scoping Reviews (PRISMA-ScR)
guidelines (36).

3.2 Research question

The review was guided by the Population—-Concept-Context
(PCC) framework recommended by the Joanna Briggs Institute. The
main research question was:

How has the impact of artificial intelligence and work digitaliza-
tion on mental health, well-being, and psychosocial risks been
addressed in the scientific literature?

Secondary questions explored psychosocial risks and opportuni-
ties, occupational contexts, generational factors, and the role of digital
and Al literacy.

The PCC framework used to define the scope of the review is pre-
sented in Table 1.

3.3 Search strategy

A comprehensive literature search was conducted across the fol-
lowing electronic databases: PubMed, Scopus, Web of Science,
ScienceDirect, Scielo, LILACS, Dialnet, and Google Scholar.

The search was conducted between January 2016 and January
2026, with the final search performed on 15 January 2026.

Search terms were developed using a combination of controlled
vocabulary (e.g., Medical Subject Headings [MeSH]) and free-text

TABLE 1 PCC framework.

Component Description

Population Adult workers (>18 years) in any occupational sector

Concept Impact of Al and digitalization on mental health,
well-being, and psychosocial risks

Context Digitalized workplaces and environments using AI-
based systems

Frontiers in Public Health

10.3389/fpubh.2026.1857108

keywords related to artificial intelligence, digitalization, occupational
health, and mental health. Boolean operators (AND, OR) were used
to combine search terms.

The search strategy was as follows:

(“Artificial Intelligence’[MeSH] OR “AI” OR “machine learning”
OR “algorithm” OR “automation”) AND (“Digitization” OR “Digital
Transformation” OR “Industry 4.0” OR “digital technology”) AND
(“Occupational Health’[MeSH] OR “Workplace” OR “Work
Environment” OR safety”) AND (“Mental
Health”[MeSH] OR “psychosocial factors” OR “psychological stress”
OR “well-being” OR “burnout”)

This strategy was adapted for each database by adjusting key-
words and controlled vocabulary as appropriate. Minor variations

“occupational

in syntax were applied depending on database-specific require-
ments, while maintaining consistency in the core concepts of arti-
ficial intelligence, digitalization, occupational health, and
mental health.

The number of records retrieved from each database is presented
in Table 2.

Grey literature searches were conducted between January 2016
and January 2026 through systematic and targeted searches of official
websites of relevant national and international organizations in the
field of occupational health and digitalization. Predefined keywords
were used alongside manual screening of institutional repositories.
Documents were selected based on predefined relevance criteria
aligned with the objectives of the review, focusing on reports, policy
documents, and technical publications addressing artificial intelli-
gence, digitalization, and psychosocial risks in work environments.

The number of records retrieved from these sources is presented
in Table 3.

The full search strategies for each database, including database-
specific adaptations of keywords, controlled vocabulary, and syntax,
are provided in Supplementary material (Appendix 1) to ensure trans-
parency and facilitate reproducibility.

3.4 Eligibility criteria

Study inclusion and exclusion criteria were defined a priori to
ensure consistency and transparency in the selection process.

No restrictions were applied regarding study design, popula-
tion, or geographical setting in order to capture the breadth of
available evidence. Language was limited to English and Spanish.

The inclusion and exclusion criteria are summarized in Table 4.

Given the exploratory nature of this scoping review, a wide
range of evidence types was included, encompassing primary stud-
ies, systematic and narrative reviews, methodological studies, and
institutional reports. This inclusive approach is consistent with
scoping review methodology and allows for a comprehensive map-
ping of both empirical scientific evidence and policy-oriented or
institutional perspectives, which is particularly relevant in emerg-
ing fields where grey literature plays a complementary role. To
address potential overlap between primary studies and secondary
reviews, each source was analyzed independently based on its con-
tribution to the research questions, focusing on identifying key
themes and patterns rather than quantifying individual study find-
ings. No attempt was made to quantitatively aggregate findings
across studies, and potential overlap between primary studies and
secondary reviews was considered an inherent limitation of the
mapping approach.
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TABLE 2 Databases and number of records retrieved.

Database Records retrieved

Dialnet Plus 49
Google Scholar 88
LILACS 85
PubMed 142
Scielo 35
ScienceDirect 83
Scopus 68
Web of Science 48

TABLE 3 Grey literature sources and records retrieved.

Records
retrieved
European Agency for Safety and Health at Work (EU-OSHA) 9
European Foundation for the Improvement of Living and 5
Working Conditions (EUROFOUND)
European Trade Union Institute (ETUI) 3
Eurostat (86) 1
Finnish Institute of Occupational Health (FIOH) (87) 1
Health and Safety Executive (HSE) (88) 3
Institution of Occupational Safety and Health (IOSH) (89) 5
Instituto Nacional de Seguridad y Salud en el Trabajo (INSST) 4
Joint Research Centre (JRC) 3
National Institute for Occupational Safety and Health 5
(NIOSH) (90)
Organization for Economic Co-operation and Development 5
(OECD) (91)
International Labour Organization (ILO) (85) 3
World Health Organization (WHO) (92) 2
United Nations Economic Commission for Europe (UNECE) 1

3.5 Study selection

All records were imported into the Mendeley reference manager
for organization and duplicate removal.

The study selection process was conducted in three stages: (1)
removal of duplicates, (2) screening of titles and abstracts based on pre-
defined eligibility criteria, and (3) full-text review to confirm inclusion.

Titles and abstracts were screened independently by two review-
ers according to the predefined eligibility criteria. Full-text articles
were then assessed for eligibility. Any disagreements between review-
ers were resolved through discussion until consensus was reached.
This process ensured a systematic, transparent, and reproducible
identification of relevant studies. The selection process is presented
using a PRISMA flow diagram.

3.6 Data extraction

Data were extracted using a standardized Excel template to ensure
consistency across studies. The following variables were collected:
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Inclusion criteria Exclusion criteria

o Adult workers (>18 years) in
digitalized or Al-based
work environments

« Studies addressing mental health,
well-being, or psychosocial risks

« Any study design (quantitative,
qualitative, mixed methods)

« Published between 2016 and 2026

Al or digitalization not central to
the study

No occupational or

psychosocial outcomes
Non-work-related settings
Non-analytical or purely opinion-

based documents

« English or Spanish

author(s), year, and source; country or region; study design or type of
document; sample size or number of included sources; key variables;
type of AI or digitalization (when applicable); outcomes related to
mental health and psychosocial risks; and main findings.

Data extraction was performed independently by two reviewers
using the standardized template. Discrepancies were discussed and
resolved by consensus to ensure accuracy and consistency of the
extracted information.

3.7 Data synthesis

A descriptive and narrative synthesis was conducted to systemati-
cally map the available evidence. Findings were grouped into thematic
categories, including psychosocial risks, occupational contexts, pre-
ventive strategies, positive effects and opportunities, inequalities and
vulnerable groups, and emerging research gaps.

A thematic synthesis approach was applied to identify and orga-
nize key patterns across the included studies. This process followed an
inductive approach, allowing themes to emerge from the data rather
than being predefined.

Where relevant, findings were interpreted by distinguishing between
empirical scientific studies and institutional or grey literature sources,
allowing for a more nuanced understanding of the evidence base.

In line with established methodological guidance for scoping
reviews, a formal quality assessment of included sources was not con-
ducted. The primary objective of this study was to map the breadth,
nature, and characteristics of the available evidence rather than to evalu-
ate the methodological quality or strength of specific findings.
Furthermore, the included evidence was highly heterogeneous, encom-
passing empirical studies with different designs, reviews, and institu-
tional reports, which limits the applicability and comparability of
standardized quality appraisal tools. Conducting separate quality assess-
ments for each type of evidence was considered beyond the scope of this
review and potentially inconsistent with its exploratory purpose.
Nevertheless, the absence of formal appraisal may introduce variability
in the robustness of the evidence, and therefore the findings should be
interpreted as descriptive and exploratory rather than conclusive.

4 Results
4.1 Study selection

The final search yielded 645 records, including 598 from scientific
databases and 47 from grey literature sources.
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After removing 213 duplicates, 385 records remained for screen-
ing. Following title and abstract screening, 197 records were excluded,
resulting in 188 full-text articles assessed for eligibility.

Of these, 165 were excluded for not meeting the inclusion criteria,
leaving 23 studies from the scientific literature.

For grey literature, 47 records were identified and assessed, of
which 27 were excluded, resulting in 20 included documents.

In total, 43 studies were included in this scoping review, compris-
ing 23 scientific articles and 20 grey literature sources.

The study selection process is illustrated in the PRISMA-ScR flow
diagram (Figure 1).

4.2 Characteristics of included studies

The included studies showed considerable heterogeneity in terms
of study design, geographical distribution, and occupational contexts.
Most studies were observational and conducted in high-income coun-
tries, with a strong representation of European and Asian contexts.
The evidence covered a wide range of sectors, including healthcare,
administrative work, platform-based employment, and industrial
settings.

The characteristics of the included studies are summarized in
Tables 5, 6. Table 5 presents the main features of the scientific litera-
ture (n = 23), while Table 6 summarizes the grey literature sources
(n = 20), including institutional reports and policy documents.

10.3389/fpubh.2026.1857108

In Table 5, studies are organized by thematic domain (artificial
intelligence and work digitalization) and further grouped by type of
evidence (empirical and review/methodological studies) to enhance
clarity and facilitate comparison across sources.

The majority of included empirical studies were cross-sectional in
design, with a smaller proportion of mixed-methods and quantitative
studies, and only a limited number of longitudinal or quasi-experi-
mental designs. This distribution reflects the emerging nature of
research in this field and highlights the predominance of observa-
tional approaches over longitudinal or causal analyses.

4.3 Al and perceived threat

Empirical studies consistently identify perceived technological
threat as a central mechanism underlying psychosocial risk.
Awareness of automation and Al-related job substitution is consis-
tently associated with increased stress and reduced well-being, often
mediated by perceived job insecurity and workload (23-25, 42-47),
particularly in studies such as Jin et al. (25) and Gao and
Zamanpour (23).

Institutional evidence, particularly from the European Agency for
Safety and Health at Work (EU-OSHA) and the Joint Research Centre
(JRC), reinforces these findings, highlighting job insecurity, reduced
autonomy, and increased performance monitoring as key risk factors
in Al-driven work environments (48-51).

{ Identification of new studies via databases

)

Identification of new studies via other methods ]

Records removed before
Records identified from*: screening:

Databases (n = 598)

(n=213)

Identification

Duplicate records removed

Records identified from:
Websites of national and
international occupational
safety and health (OSH)
organizations and agencies
(n=47)

_ !

Records screened

A 4

abstract screening
(n=197)

Records excluded after title and

(n = 385)
I

\4

© Reports sought for retrieval Reports not retrieved Reports sought for retrieval Reports not retrieved
£ (n=188) (n=0) (n=47) ’ (n=0)

3

e

1}

- I I

Reports assessed for eligibili Reports excluded: Reports assessed for eligibilit Reports excluded:

(n E 188) gioity Reason: Full-text articles (n 547) 9boility ] Reason: Gerje;ral focus
excluded for not meeting without specific
inclusion/exclusion criteria or assessment of
research question (n = 165) occupational

psychosocial risks
) (n=27)

New studies included in review

(n=23)

Reports of new included studies [«

(n=20)

°
[}
°
=3
: I
=
Total studies and reports
included in the review
(n=43)
FIGURE 1

PRISMA-ScR flow diagram illustrating the study selection process for scientific and grey literature sources.
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TABLE 5 Characteristics of included scientific studies on artificial intelligence and work digitalization (n = 23).

Author (Year)

Country

Sample

Key variables

10.3389/fpubh.2026.1857108

Main findings

Artificial intelligence (Al)

Empirical studies

Gao and Zamanpour China/Iran Mixed-methods study | 321 workers Psychological safety, Al may improve efficiency but can increase

(23) work-life balance stress depending on role

Pizzi and Paya Europe Cross-sectional study 27,252 workers Al monitoring, stress, Al surveillance associated with higher stress

Castiblanque (43) autonomy and lower autonomy

Jin et al. (25) China Cross-sectional study 349 workers STARA awareness, stress Perceived Al threat associated with reduced
well-being via stress

Yoon et al. (75) Singapore Mixed-methods study | 399 participants | Well-being, usability Al platforms may support well-being when
properly designed

Giuntella et al. (42) Germany Longitudinal study Panel data Al exposure, health No significant negative effects on mental
health observed

Zhang et al. (66) China Quantitative study 381 workers Technostress, innovation | Technostress may hinder or enhance
performance depending on perception

Nofal et al. (45) Middle East Quasi-experimental 90 workers Training, well-being Al training associated with improved well-

study being and professional development

Wei & Li (24) China Cross-sectional study Not specified Mental health, overtime Al associated with poorer mental health via
increased workload

Niehaus et al. (44) Germany Cross-sectional study | 6,153 workers Control, workload, Algorithmic control reduces autonomy and

burnout increases burnout

Review studies

Cramarenco et al. (46) International Systematic review Not applicable Well-being, skills Al shows both positive and negative effects
depending on context

Fisher et al. (47) International Scoping review Not applicable Equity, risks Al may exacerbate occupational health

inequalities

Digitalization and work environments

Empirical studies
Ficapal-Cusi et al. (22) Spain Cross-sectional study 311 healthcare Technostress, burnout Digitalization associated with increased
workers technostress and burnout
Holmgren et al. (56) USA Cross-sectional study ~6,000 EHR usability, burnout Poor usability associated with higher burnout
physicians

Parteka et al. (58) Europe Quantitative study Large datasets Work intensity Digitalization associated with increased work
intensification

Arana-Landin et al. (59) | Europe Quantitative study Not specified Safety, workload Improves safety but increases workload
demands

Borle et al. (57) Germany Cross-sectional study Not specified ICT exposure, health Work intensification linked to poorer health
outcomes

Review and methodological studies

Kim and Cho (7) South Korea Narrative review Not applicable Physical and psychosocial | Digitalization linked to both physical and

risks psychosocial risks
Schlenger et al. (64) Germany Instrument validation | Not applicable Digital stressors Valid tool developed for assessing digital
study psychosocial risks

Rodriguez (65) International Comparative study Not applicable Risk assessment tools Existing tools insufficient for digital work
environments

Hakansta et al. (76) International Scoping review Not applicable Occupational health Mixed effects: efficiency gains vs. increased
stress

Dragano & Lunau (60) International Narrative review Not applicable Technostress Strong association between technostress and
mental health

(Continued)
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TABLE 5 (Continued)

10.3389/fpubh.2026.1857108

Author (Year) Country Study design Sample Key variables Main findings

Teodoroski et al. (8) Brazil Narrative review Not applicable Automation, risks Automation reduces physical risks but
introduces psychosocial risks

Komp-Leukkunen et al. International Systematic review Not applicable Aging, work Digitalization creates both risks and

(77) opportunities for older workers

AL artificial intelligence; ICT, information and communication technologies; EHR, electronic health records. Studies are grouped by type (empirical vs review/methodological) to improve

comparability and interpretability of findings.

TABLE 6 Characteristics of included grey literature sources on artificial intelligence and work digitalization (n = 20).

Included

Organization

Type of

Years /

Key psychosocial findings

resources (n)

documents

Region

European Agency for Safety Reports, policy 2021-2025 Digitalization, AI, | Identifies technostress, workload, reduced

and Health at Work (EU- briefs, technical (EU) OSH autonomy, isolation, and work intensification

OSHA) documents as key risks; emphasizes the need for
preventive policies

International Labour Reports and policy 2022-2025 Mental health at Identifies Al and digitalization as emerging

Organization (ILO) documents (Global) work, determinants of psychosocial risks; promotes

digitalization global prevention frameworks

Instituto Nacional de Technical reports 2022-2024 Telework, Highlights isolation, workload, technostress,

Seguridad y Salud en el and guidelines (Spain) platform work job insecurity, and algorithmic control;

Trabajo (INSST) proposes preventive strategies

European Foundation for the Analytical reports 2020-2023 Telework, Identifies associations with stress, work-life

Improvement of Living and (survey-based) (EU) platform economy | imbalance, isolation, and increased mental

Working Conditions load

(Eurofound)

Joint Research Centre (JRC) Technical and 2021-2024 Algorithmic Identifies surveillance, reduced autonomy, and

analytical reports (EU) management increased job demands as key psychosocial

risks

European Trade Union Analytical report 2024-2025 Al and worker Highlights algorithmic management,

Institute (ETUI) (EU) health workload intensification, and lack of
transparency as key risk factors

United Nations Economic Policy brief 2021 (Europe) Aging and Highlights inequalities, digital divide, and

Commission for Europe digitalization increased vulnerability among older workers

(UNECE)

Algorithmic management is consistently associated across both
empirical studies and institutional reports with reduced decision-
making capacity, increased time pressure, and intensified job
demands, contributing to stress, anxiety, and depressive symptoms
(49, 52-55), as also emphasized by the European Trade Union Institute
(ETUI) (55).

These findings were predominantly supported by empirical stud-
ies, while institutional reports emphasized broader structural and
organizational dimensions of psychosocial risk in AI-driven work
environments.

4.4 Digitalization, technostress, and work
intensification

A substantial proportion of empirical studies indicate that digita-
lization is associated with work intensification, cognitive overload, and
technostress. Digital systems, particularly in healthcare settings, are
linked to burnout, reduced job satisfaction, and increased
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administrative burden when poorly integrated into workflows (22,
56-60), as reported by Ficapal-Cusi et al. (22) and Holmgren et
al. (56).

Institutional evidence, particularly from EU-OSHA and
the Joint Research Centre (JRC), further confirms that digital
transformation modifies work organization, increasing time pres-
sure, workload, and cognitive demands, while contributing to
fatigue, digital overload, and work-life imbalance (48, 49, 51,
61, 62).

Large-scale European data from EU-OSHA indicate a high preva-
lence of psychosocial risks, including time pressure (44%), lack of
rewards (34%), and poor organizational communication (29%), sug-
gesting widespread exposure to psychosocial stressors in digitalized
work environments (62, 63).

Collectively, these findings were consistently supported by both
empirical studies and institutional reports, with the latter emphasizing
the widespread and structural nature of psychosocial risks associated
with digitalized work environments.
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4.5 Telework and platform-based work

Empirical evidence indicates that telework and platform-based
work represent telework and platform-based work as high-risk con-
texts for psychosocial exposure. Communication challenges, role
ambiguity, and insufficient assessment tools have been reported as key
limitations in digital work environments (64-66), particularly in stud-
ies such as Schlenger et al. (64) and Rodriguez (65).

Institutional evidence, especially from Eurofound and EU-OSHA,
further highlights that telework is associated with social isolation and
blurred work-life boundaries (67, 68), as well as increased mental load
and “virtual presenteeism” (63, 69, 70).

Platform-based work and algorithmic task allocation, as reported
in institutional sources such as the Instituto Nacional de Seguridad y
Salud en el Trabajo (INSST), are also linked to job insecurity, frag-
mented work patterns, and intensified performance control, contrib-
uting to stress and mental fatigue (71-74).

Taken together, these findings were supported by both empirical
studies and institutional reports, with the latter placing greater empha-
sis on structural conditions such as employment precarity, organiza-
tional control, and the regulatory challenges of platform-based work.

4.6 Positive effects and opportunities

A growing body of literature highlights that, despite the identified
risks, Al and digitalization may also generate important benefits for
workers and organizations.

Empirical studies report mixed but often positive outcomes,
including no significant negative effects on mental health in some con-
texts, as well as improvements in efficiency, professional development,
and workplace well-being when adequate training and organizational
support are provided (42, 45, 46, 75), particularly in studies such as
Giuntella et al. (42) and Nofal et al. (45).

Evidence from institutional sources, particularly EU-OSHA and
Eurofound, further emphasizes that digital technologies may
enhance productivity, flexibility, and access to services, especially
when implemented within supportive organizational frameworks
(48, 63, 68).

Opverall, findings from both empirical studies and institutional
reports converge in suggesting that the impact of digitalization is
highly context-dependent. While empirical evidence focuses on indi-
vidual and organizational outcomes, institutional reports place greater
emphasis on enabling conditions such as training, governance, and
regulatory frameworks.

4.7 Inequalities, aging, and digital literacy

Evidence across both scientific and grey literature indicates that
the impact of digitalization is unevenly distributed across
populations.

Empirical studies highlight greater vulnerability among lower-
skilled workers, older employees, and socioeconomically disadvan-
taged groups (24, 47, 57, 76, 77), as reported by Wei and Li (24) and
Borle et al. (57).

Institutional evidence, particularly from EU-OSHA, UNECE, and
Eurofound, further reinforces these findings, indicating that digital
transformation may exacerbate generational and structural inequali-
ties, especially in the absence of adequate training and organizational
support (48, 68, 69, 78, 79).
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Digital and AT literacy consistently emerge as key protective
including EU-OSHA, the
International Labour Organization (ILO), and UNECE, emphasize

factors. Institutional sources,
that limited understanding of digital systems increases uncer-
tainty, anxiety, and technostress, whereas adequate training
enhances perceived control,
(62, 80-83).

These findings from both empirical studies and institutional

competence, and well-being

reports converge in suggesting that digital literacy functions not only
as a skill but as a key determinant of occupational health, shaping
workers’ capacity to adapt to, interact with, and benefit from digi-
talized work environments.

5 Discussion

This scoping review provides a structured synthesis of the cur-
rent evidence on the impact of artificial intelligence (AI) and work
digitalization on mental health, well-being, and psychosocial risks.
The findings highlight a complex and heterogeneous field in which
technological transformation interacts with organizational, social,
and individual factors, shaping diverse and context-dependent
outcomes.

Given the exploratory nature of this scoping review and the het-
erogeneity of the included evidence, the findings should be interpreted
as indicative of emerging patterns rather than definitive conclusions.
Accordingly, causal interpretations should be avoided, and findings
should be understood as indicative patterns rather than definitive
associations.

5.1 Principal findings

The evidence suggests that digitalization and AI are associated
with multiple psychosocial risks, including technostress, work inten-
sification, reduced autonomy, and job insecurity (20, 22-25, 42-47,
61). Institutional evidence further supports these findings (48-51).
However, these effects are not uniform and appear to depend on how
technologies are implemented and integrated into work
environments.

A key mechanism underlying these effects is the perception of
technological threat. Previous studies suggest that awareness of
automation may negatively affect well-being through increased
stress levels (25), while AT adoption has also been associated with
blurred work-life boundaries and increased psychological
demands (23).

At the same time, some studies report no significant negative
effects on mental health, particularly in longitudinal analyses, as
observed by Giuntella et al. (42), further highlighting the heterogene-
ity of findings and the importance of contextual factors.

From an institutional perspective, reports from organizations
such as the European Agency for Safety and Health at Work and the
Joint Research Centre highlight job insecurity, increased monitoring,
and reduced autonomy as key emerging psychosocial risks in
Al-driven workplaces (48-50).

These findings indicate that digitalization should not be concep-
tualized as a uniform risk factor, but rather as a context-dependent
determinant of occupational health. Psychosocial risks do not appear

to be inherent to digital technologies per se, but instead emerge from
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the interaction between technological systems, organizational design,
implementation strategies, and working conditions.

5.2 Interpretation in light of theoretical
models

The findings of this review can be interpreted within established
occupational health frameworks, providing a structured approach to
understanding how digitalization may influence workers’ mental health.

Consistent with the Job Demand-Control-Support model, the
evidence suggests that algorithmic management and digital monitor-
ing systems may increase job demands while simultaneously reducing
autonomy and social support (43, 44). This imbalance is likely to con-
tribute to increased psychosocial strain, particularly in highly con-
trolled and performance-driven environments.

Similarly, the Job Demands—Resources model helps explain the
ambivalent nature of digitalization observed in the results. While
increased demands, such as cognitive overload and constant connectiv-
ity, are associated with stress and burnout (60), the availability of
resources, including training, organizational support, and digital lit-
eracy, may mitigate these effects and potentially promote well-being.

Institutional reports further support this interpretation, indicating
that digital transformation may reshape both work organization and
psychosocial exposures, with outcomes largely dependent on how tech-
nologies are implemented and managed within organizations (55,
81, 84).

These models reinforce the interpretation that the impact of digi-
talization is not inherently harmful or beneficial, but depends on the
balance between demands and resources within specific work contexts.

5.3 Heterogeneity and contextual factors

One of the most relevant findings of this review is the considerable
heterogeneity of outcomes across studies.

While some evidence suggests negative effects on mental health (24,
25, 43), other studies report neutral or even positive impacts. For exam-
ple, Al-based training interventions have been associated with
improved professional development and well-being (45), and digital
tools may support mental health when appropriately designed and
implemented (75).

This variability is further supported by institutional evidence, which
highlights that digitalization may enhance flexibility and productivity
while simultaneously introducing new psychosocial risks, depending
on working conditions and organizational context (68, 69).

Part of this heterogeneity may also reflect differences between
empirical scientific studies and institutional reports, which often
emphasize broader systemic trends and policy-relevant risks.

Several factors may help explain this heterogeneity. Differences in
study design, particularly between cross-sectional and longitudinal
approaches, may contribute to inconsistencies in findings, as short-
term associations may not fully capture longer-term effects. In addi-
tion, variability in how digitalization and AI exposure are defined and
measured limits comparability across studies, ranging from specific
technologies such as algorithmic management to broader processes of
digital transformation.

Occupational context also appears to play a critical role. The
impact of digitalization may vary across sectors, job types, and levels
of task complexity, with high-demand and low-control environments
showing greater susceptibility to psychosocial risks.
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These findings suggest that the psychosocial impact of Al and
digitalization is strongly context-dependent, reflecting the dynamic
interaction between job design, autonomy, resource availability, and
organizational support structures.

5.4 Vulnerable groups and inequalities

The evidence suggests that the impact of digitalization is unevenly
distributed across the workforce, disproportionately affecting certain
population groups.

Workers who are older, lower-skilled, or socioeconomically dis-
advantaged appear to be particularly vulnerable to digital stressors,
facing greater challenges in adapting to rapidly changing technological
environments (24, 57, 77). These vulnerabilities are not solely indi-
vidual but are closely linked to structural factors, including access to
training, job security, and digital resources.

Institutional evidence further supports this perspective, high-
lighting that digitalization may exacerbate existing inequalities
related to age, gender, and access to digital technologies, particularly
in the absence of inclusive organizational policies and support mech-
anisms (48, 62, 78).

These findings indicate that digital transformation may reinforce
pre-existing social and occupational inequalities if not accompanied
by targeted and inclusive preventive strategies, particularly those
aimed at improving access to training, digital competencies, and orga-
nizational support.

5.5 Implications for occupational health and
prevention

From an occupational health perspective, these findings suggest
the importance of integrating psychosocial risk management into the
design and implementation of digital technologies.

Rather than focusing solely on technological innovation, organi-
zations may benefit from adopting a more holistic approach that con-
siders work design, employee autonomy, and psychosocial working
conditions. In particular, the integration of psychosocial risk assess-
ment into Al systems and digital workflows may represent a relevant
priority (48-50).

Digital and Al literacy also appear to function as important pro-
tective factors. Evidence suggests that adequate training may reduce
uncertainty, enhance perceived control, and mitigate technostress,
thereby supporting workerss mental health and well-being
(62, 80-83).

In addition, maintaining a human-centered approach appears to
be an important consideration. The preservation of professional judg-
ment, human oversight, and ethical considerations in Al implementa-
tion may help prevent excessive automation and loss of control in the
workplace (5, 16).

These findings support the need to integrate psychosocial risk
assessment into the design and implementation of digital systems,
rather than addressing such risks solely at later stages.

Recent applied research, including studies published after the
search period, suggests an increasing use of Al-driven systems for
monitoring worker well-being and predicting burnout risk. While
these approaches highlight the potential of digital technologies to
support the early detection of psychosocial risks, they also under-
score the importance of ensuring ethical use, transparency, and
adequate worker protection in their deployment.
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5.6 Strengths and limitations

This review has several strengths. It provides a structured and
comprehensive synthesis of both scientific and grey literature, allow-
ing for a broad and inclusive overview of the topic. The use of a scop-
ing review methodology following PRISMA-ScR guidelines enhances
transparency and reproducibility.

However, several limitations should be acknowledged. First, the
absence of a formal quality assessment reflects the exploratory nature
of the review and the heterogeneity of the evidence base, and may
introduce variability in the robustness of the included evidence.
Second, the predominance of cross-sectional study designs may limit
causal inference (36-38), and the heterogeneity of study designs com-
plicates direct comparisons across studies. Additionally, the inclusion
of heterogeneous evidence types may limit direct comparability across
sources. Third, the inclusion of grey literature, while valuable for cap-
turing policy and institutional perspectives, may involve heteroge-
neous methodological quality. Fourth, potential publication bias
cannot be excluded, as studies reporting significant findings may be
more likely to be published. Finally, the evidence base is predomi-
nantly derived from high-income countries, with limited representa-
tion of low- and middle-income settings (47, 76), which may affect
the generalizability of the findings.

These limitations should be considered when interpreting the
results and further highlight the need for research in more diverse and
underrepresented contexts.

5.7 Future research

Future research should prioritize longitudinal and experimental
study designs to better explore potential causal relationships between
digitalization, A, and psychosocial outcomes.

Further development and validation of measurement instruments
adapted to digital work environments is also needed, as highlighted by
Schlenger et al. (64) and Rodriguez (65), in order to improve the con-
sistency and comparability of findings across studies.

Given the substantial heterogeneity identified in this review,
future studies should aim to better characterize exposure to digital
technologies and distinguish between different forms of digitalization
and Al implementation across occupational contexts.

In addition, further research is needed to examine how organiza-
tional factors, regulatory frameworks, and digital and Al literacy influ-
ence the relationship between technological change and occupational
health outcomes.

Particular attention should be paid to vulnerable populations and
inequalities, including differences related to age, skill level, and access
to digital resources, in order to inform more inclusive and evidence-
based interventions.

Finally, future research may contribute to the development of
evidence-based regulatory and organizational frameworks that sup-
port the safe, ethical, and human-centered implementation of Al in
the workplace.

6 Conclusion

This scoping review provides a comprehensive overview of the
current evidence on the impact of artificial intelligence (AI) and work
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digitalization on mental health, well-being, and psychosocial risks in
occupational settings.

Overall, the findings indicate that digital transformation is reshap-
ing work organization and modifying key psychosocial determinants
of occupational health. Both scientific and grey literature consistently
show that processes such as algorithmic management, task automa-
tion, and digital work intensification are associated with increased
psychosocial risks, including technostress, work overload, reduced
autonomy, and burnout, particularly when organizational resources
and worker control are limited.

However, the impact of digitalization is not uniform. Evidence
suggests that its effects depend largely on organizational context, job
design, and the availability of resources such as training, support, and
worker participation. In this regard, some studies highlight potential
positive effects, showing that digital technologies may enhance effi-
ciency, professional development, and well-being when implemented
within supportive and human-centered work environments.

Institutional evidence from organizations such as the European
Agency for Safety and Health at Work (EU-OSHA), the Joint Research
Centre (JRC), and the International Labour Organization (ILO) rein-
forces these findings, emphasizing that digitalization and AI constitute
emerging determinants of psychosocial risk. These bodies consistently
underline the need to integrate psychosocial risk assessment into digi-
tal transformation processes and occupational health policies.

Particular attention should be paid to specific work contexts such as
telework and platform-based work, which present unique psychosocial
challenges, including social isolation, blurred work-life boundaries, and
increased mental load. In addition, the evidence highlights that digital
transformation may exacerbate structural inequalities, disproportionately
affecting older workers, lower-skilled employees, and vulnerable groups.

In this context, digital and Al literacy emerge as key protective fac-
tors, contributing to greater perceived control, reduced uncertainty, and
improved well-being. Strengthening these competencies, alongside pro-
moting worker participation and maintaining human oversight in AI
systems, appears essential for mitigating psychosocial risks.

Finally, this review highlights that research in this field remains in an
exploratory stage. The predominance of cross-sectional studies and the
limited availability of longitudinal evidence indicate the need for further
research to better understand causal relationships and long-term effects.
Future studies should also focus on developing evidence-based regulatory
frameworks and preventive strategies that ensure a safe, equitable, and
sustainable integration of Al and digital technologies in the workplace.

These findings should be interpreted within the exploratory scope
of the review and in light of the heterogeneity of the available evidence.

Author contributions

OR-M: Conceptualization, Data curation, Methodology, Writing -
original draft. BM-J: Writing - review & editing, Validation,
Conceptualization, Supervision.

Funding

The author(s) declared that financial support was not received for
this work and/or its publication.

frontiersin.org


https://doi.org/10.3389/fpubh.2026.1857108
https://www.frontiersin.org/journals/public-health
https://www.frontiersin.org

Rabasa-Martin and Martinez-Jarreta

Acknowledgments

The authors would like to acknowledge the support of the
University of Zaragoza for providing the academic environment in
which this work was developed.

Conflict of interest

The author(s) declared that this work was conducted in the
absence of any commercial or financial relationships that could be
construed as a potential conflict of interest.

The handling editor EV declared a past co-authorship with the
author BM-J.

Generative Al statement

The author(s) declared that Generative Al was used in the creation
of this manuscript. Generative Al tools were used to assist with language
editing and manuscript preparation. All scientific content, interpreta-
tion, and conclusions are the sole responsibility of the authors.

References

1. Jain A, Hassard ], Leka S, Di Tecco C, Iavicoli S. The role of occupational health services
in psychosocial risk management and the promotion of mental health and well-being at
work. Int ] Environ Res Public Health. (2021) 18:3632. doi: 10.3390/ijerph18073632

2. Jain A, Leka S. "Occupation and health". In: Cambridge Handbook of Psychology, Health
and Medicine. Cambridge, UK: Cambridge University Press (2019). p. 28-32.

3. World Health Organization. Health Impact of Psychosocial Hazards at Work: an
Overview. Geneva: WHO (2010).

4. Tzuchukwu CO, Chizubem B. The impact of digitalization and ICT on work organiza-
tion and occupational safety and health. Int ] Environ Res Public Health. (2025) 22:362.
doi: 10.3390/ijerph22010362

5. Martinez-Jarreta B, Abecia EL Reflexiones sobre cuestiones médicolegales de la inteligen-
cia artificial en medicina. Zaragoza: Universidad de Zaragoza (2025).

6. Badri A, Boudreau-Trudel B, Souissi A. Occupational health and safety in the industry
4.0 era. Saf Sci. (2018) 109:403-11. doi: 10.1016/j.ssci.2018.06.012

7. Kim Y, Cho S. Musculoskeletal disorders and digitalization. BMC Public Health. (2025)
25:2336. doi: 10.1186/s12889-025-2336

8. Teodoroski L. Automation and worker health. ] Work Organ Psychol. (2012)
41:2349-2354. doi: 10.3233/WOR-2012-0463-2349

9. Tregenza T. Impact of Digitalisation on the Safety and Health Professional. Bilbao:
EU-OSHA (2024).

10. Johnson MW. AI, Decision and Healthy work. Manchester: University of
Manchester (2025).

11. Kaplan A. Artificial Intelligence, Business and Civilization. New York: Routledge (2022).

12. Ramos-Ruperto L, Mora-Delgado ], Rodriguez-Gonzilez A. Machine learning in
medicine. Rev Clin Esp. (2026) 226:502412.

13. Kohane I. The race to frame Al in healthcare. N Engl ] Med Al (2024) 1. doi: 10.1056/
Ale2400044

14. Kohane IS. Injecting Al into medicine. N Engl ] Med Al (2024) 1. doi: 10.1056/
Ale2300197

15. Lenharo M. The testing of AI in medicine. Nature. (2024) 632:722-4. doi: 10.1038/
d41586-024-02537-1

16. Williams N. Artificial intelligence in occupational health. Occup Med (Lond). (2023)
73:449. doi: 10.1093/occmed/kqad073

17. Frazier AE, Song L. Artificial intelligence in landscape ecology. Curr Landsc Ecol Rep.
(2025) 10:1-14.

18. Pena-Casas R, Ghailani D, Coster S Digitalisation and Job Quality (2018)

Frontiers in Public Health

11

10.3389/fpubh.2026.1857108

Any alternative text (alt text) provided alongside figures in this
article has been generated by Frontiers with the support of artificial
intelligence and reasonable efforts have been made to ensure accuracy,
including review by the authors wherever possible. If you identify any
issues, please contact us.

Publisher’s note

All claims expressed in this article are solely those of the
authors and do not necessarily represent those of their affiliated
organizations, or those of the publisher, the editors and the review-
ers. Any product that may be evaluated in this article, or claim that
may be made by its manufacturer, is not guaranteed or endorsed by
the publisher.

Supplementary material

The Supplementary material for this article can be found online
at: https://www.frontiersin.org/articles/10.3389/fpubh.2026.1857108/
full#supplementary-material

19. Coldwell DAL. Negative influences of the 4th industrial revolution. Int ] Environ Res
Public Health. (2019) 16:2670. doi: 10.3390/ijerph16152670

20. El-Helaly M. Artificial intelligence and occupational health. Med Lav. (2024)
115:€2024014 doi: 10.23749/mdl.v115i2.15835

21. Jetha A, Bakhtari H, Rosella LC, Biswas A, Shahidi FV, Gignac MAM, et al. Artificial
intelligence and the work-health interface. Am J Ind Med. (2023) 66:815-30. doi:
10.1002/ajim.23564

22. Ficapal-Cusi P, Torrent-Sellens J, Yuguero O. Technostress among healthcare profes-
sionals. BMJ Open. (2025) 15:e103783. doi: 10.1136/bmjopen-2024-103783

23. Gao K, Zamanpour A. Al-integrated applications and psychological safety. BMC
Psychol. (2024) 12:555. doi: 10.1186/540359-024-01555-0

24. Wei W, Li L. The impact of artificial intelligence on mental health. Front Public Health.
(2022) 10:862407. doi: 10.3389/fpubh.2022.862407

25. Jin G, Jiang J, Liao H. Work affective well-being under Al Sci Rep. (2024) 14:25483.
doi: 10.1038/s41598-024-25483-x

26. Litan D. Technostress and mental health in AI era. Front Psychol. (2025) 16:1600013.
doi: 10.3389/fpsyg.2025.1600013

27. Tang PM, Zhang J, Chen I. No person is an island: interacting with AL J Appl Psychol.
(2023) 108:1766-89. doi: 10.1037/apl0001103

28. Tarafdar M, Cooper CL, Stich JE The technostress trifecta—techno eustress, techno
distress and design. Inf Syst J. (2019) 29:6-42. doi: 10.1111/isj.12169

29. Cioffi G, Balducci C, Toderi S. Digital stress-preventive management competencies.
Int ] Environ Res Public Health. (2025) 22:267. doi: 10.3390/ijerph22010267

30. Artero Mufioz A. Agencia espafiola de supervision de IA. Rev Esp Control Externo. (2023)

31. Gamero Casado E, Pérez Guerrero FL. Inteligencia artificial y sector piblico. Valencia:
Tirant lo Blanch (2023).

32. Kazakova S, Dunne A, Bijwaard D. Al in enterprises. Brussels, Belgium: European
Commission (2020).

33. ENIA. Estrategia Nacional de Inteligencia Artificial. (2021). Available online at:
https://portal.mineco.gob.es (Accessed January 12, 2026).

34. Legerén-Molina A. La ley europea de IA. Notario Siglo XXI. (2024) 114
35. Tahiri Moreno J, Alvarez Garcia V Regulacion IA Europa (2023)

36. Colquhoun HL, Levac D, O’Brien KK. Scoping reviews. J Clin Epidemiol. (2014)
67:1291-4. doi: 10.1016/j.jclinepi.2014.03.013

37. Davis K, Drey N, Gould D. What are scoping studies? Int | Nurs Stud. (2009)
46:1386-400. doi: 10.1016/j.ijnurstu.2009.02.010

frontiersin.org


https://doi.org/10.3389/fpubh.2026.1857108
https://www.frontiersin.org/journals/public-health
https://www.frontiersin.org
https://www.frontiersin.org/articles/10.3389/fpubh.2026.1857108/full#supplementary-material
https://www.frontiersin.org/articles/10.3389/fpubh.2026.1857108/full#supplementary-material
https://doi.org/10.3390/ijerph18073632
https://doi.org/10.3390/ijerph22010362
https://doi.org/10.1016/j.ssci.2018.06.012
https://doi.org/10.1186/s12889-025-2336
https://doi.org/10.3233/WOR-2012-0463-2349
https://doi.org/10.1056/AIe2400044
https://doi.org/10.1056/AIe2400044
https://doi.org/10.1056/AIe2300197
https://doi.org/10.1056/AIe2300197
https://doi.org/10.1038/d41586-024-02537-1
https://doi.org/10.1038/d41586-024-02537-1
https://doi.org/10.1093/occmed/kqad073
https://doi.org/10.3390/ijerph16152670
https://doi.org/10.23749/mdl.v115i2.15835
https://doi.org/10.1002/ajim.23564
https://doi.org/10.1136/bmjopen-2024-103783
https://doi.org/10.1186/s40359-024-01555-0
https://doi.org/10.3389/fpubh.2022.862407
https://doi.org/10.1038/s41598-024-25483-x
https://doi.org/10.3389/fpsyg.2025.1600013
https://doi.org/10.1037/apl0001103
https://doi.org/10.1111/isj.12169
https://doi.org/10.3390/ijerph22010267
https://portal.mineco.gob.es
https://doi.org/10.1016/j.jclinepi.2014.03.013
https://doi.org/10.1016/j.ijnurstu.2009.02.010

Rabasa-Martin and Martinez-Jarreta

38. Grant MJ, Booth A. Typology of reviews. Health Inf Libr J. (2009) 26:91-108. doi:
10.1111/§.1471-1842.2009.00848 x

39. Masot O, Lavedan A, Nuin C. Dehydration scoping review. Int ] Nurs Stud. (2018)
82:90-8. doi: 10.1016/j.ijnurstu.2018.03.012

40. Daudt HML, Van Mossel C, Scott S]. Enhancing scoping studies. BMC Med Res
Methodol. (2013) 13:48. doi: 10.1186/1471-2288-13-48

41. Arksey H, O’'Malley L. Scoping studies framework. Int | Soc Res Methodol. (2005)
8:19-32. doi: 10.1080/1364557032000119616

42. Giuntella O, Koénig J, Stella L. AI and wellbeing. Sci Rep. (2025) 15:20087. doi:
10.1038/s41598-025-20087-x

43. Pizzi A, Paya Castiblanque R. AI and psychosocial risks. Arch Prev Riesgos Labor.
(2024) 27:233-49. doi: 10.12961/aprl.2024.27.03.04

44. Niehaus S, Hartwig M, Rosen PH, Wischniewski S. Human in control and AL Front
Artif Intell. (2022) 5:868382. doi: 10.3389/frai.2022.868382

45. Nofal HA, Mohamed AE, Almadani N, Mahfouz R, Bahri HA, Ali HT, et al. The
impact of an artificial intelligence enhancement program on healthcare providers’ knowl-
edge, attitudes, and workplace flourishing. Front Public Health. (2025) 13:1639333. doi:
10.3389/fpubh.2025.1639333

46. Cramarenco RE, Burca-Voicu MI, Dabija DC. AI and wellbeing. Oecon Copernic.
(2023) 14:731-67. doi: 10.24136/0¢.2023.022

47. Fisher E, Flynn MA, Pratap P, Vietas JA. Al and OSH equity. Int ] Environ Res Public
Health. (2023) 20:6221. doi: 10.3390/ijerph20136221

48. European Agency for Safety and Health at Work. Available online at: https://osha.
europa.eu (Accessed January 12, 2026).

49. Joint Research Centre. Available online at: https://joint-research-centre.ec.europa.eu
(Accessed January 12, 2026).

50. Reinhold K, Jarvis M, Christenko A. AI Worker Management. Bilbao, Spain:
EU-OSHA (2024).

51. Brancati MCU. Digital Technologies and Psychosocial Risks. Bilbao, Spain:
EU-OSHA (2024).

52. Curtarelli M. Digital Tools and Psychosocial Risks. Bilbao, Spain: JRC (2021).

53. Gonzalez Vazquez I, Curtarelli M. Digitalisation and Wellbeing. Luxembourg:
JRC (2024).

54. Baiocco S, Fernandez-Mac E, Rani U, Pesole A. Algorithmic Management JRC (2022).
55. Leka S, Jain A. Psychosocial Risks. ETUI (2024).

56. Holmgren AJ, Hendrix N, Maisel N, Everson J, Bazemore A. EHR usability and burn-
out. JAMA Netw Open. (2024) 7:€2426956. doi: 10.1001/jamanetworkopen.2024.26956

57. Borle P, Boerner-Zobel F, Voelter-Mahlknecht S, Hasselhorn HM, Ebener M. Digital
work intensification. Int Arch Occup Environ Health. (2021) 94:377-90. doi: 10.1007/
500420-020-01588-5

58. Parteka A, Wolszczak-Derlacz ], Nikulin D. Digital tech and working conditions.
Technol Forecast Soc Change. (2024) 198:122998. doi: 10.1016/j.techfore.2023.122998

59. Arana-Landin G, Laskurain-Iturbe I, Iturrate M, Landeta-Manzano B. Industry 4.0
and OSH. Heliyon. (2023) 9:e13720. doi: 10.1016/j.heliyon.2023.e13720

60. Dragano N, Lunau T. Technostress and mental health. Curr Opin Psychiatry. (2020)
33:407-13. doi: 10.1097/YCO0.0000000000000613

61. European Agency for Safety and Health at Work. Digitalisation and psychosocial
risks. (2024). Available online at: https://osha.europa.eu (Accessed January 12, 2026).

62. Belli S, De Keulenaer F. OSH Pulse 2025. Bilbao, Spain: EU-OSHA (2025).

63. EU-OSHA. New forms of work in the digital era. (2022). Available online at: https://
osha.europa.eu (Accessed January 10, 2026).

64. Schlenger W, Joellenbeck M, Ochsmann E. Online counseling stressors. JMIR Form
Res. (2025) 9:¢65766. doi: 10.2196/65766

Frontiers in Public Health

12

10.3389/fpubh.2026.1857108

65. Rodriguez DA. Psychosocial risk instruments in telework. Eur Public Soc Innov Rev.
(2024) 1:9-14. doi: 10.31637/epsir-2024-1122

66. Zhang S, Guo P, Yuan Y, Ji Y. Technostress and innovation. Acta Psychol. (2025)
259:105442. doi: 10.1016/j.actpsy.2025.105442

67. Vargas-Llave O. Telework and ICT-Based Mobile Work. Dublin, Ireland:
Eurofound (2017).

68. Eurofound. Available online at: https://www.eurofound.europa.eu (Accessed January
7,2026).

69. Ahrendt D, Cabrita J, Clerici E, Hurley J. Living, Working and COVID-19. Dublin,
Ireland: Eurofound (2022).

70. EU-OSHA. Post-pandemic workplaces. (2022). Available online at: https://osha.
europa.eu (Accessed January 3, 2026).

71. Instituto Nacional de Seguridad y Salud en el Trabajo. Available online at: https://
www.insst.es (Accessed January 5, 2026).

72. Martin Gonzalez J, Pérez Bilbao J. Platform work risks. INSST; (2024). Available
online at: https://www.insst.es (Accessed January 12, 2026).

73. Martin Gonzalez J. Digitalization challenges. Madrid, Spain: INSST (2023).

74. Alvarez Bayona T, Jiménez Segura MP, del Martinez Cerro L. Telework Guidance.
Madrid, Spain: INSST (2022).

75. Yoon S, Goh H, Low XC. Al-enabled mental wellness platform. BMJ Health Care
Inform. (2024) 31:e101045. doi: 10.1136/bmjhci-2023-101045

76. Hakansta C, Asp A, Palm K. Digital technology and occupational health. Work.
(2025) 81:2477-90. doi: 10.3233/WOR-230456

77. Komp-Leukkunen K, Poli A, Hellevik T. Older workers in digitalizing workplaces. J
Aging Soc Change. (2022) 12:37-59. doi: 10.18848/2576-5310/CGP/v12i02/37-59

78. United Nations Economic Commission for Europe. Available online at: https://unece.
org (Accessed January 2, 2026).

79. Fernandez-Macias E. Automation and Employment. Dublin, Ireland: Eurofound (2021).

80. UNECE. Ageing in the digital era. (2021). Available online at: https://unece.org
(Accessed January 12, 2026).

81. ILO. Mental health at work in the era of digitalization. (2024). Available online at:
https://www.ilo.org (Accessed January 1, 2026).

82. Peinado F, Nunes J. AI and OSH Future. Madrid, Spain: ILO/INSST (2025).

83. WHO, ILO. Mental health at work policy brief. (2022). Available online at: https://
www.who.int (Accessed January 10, 2026).

84. European Trade Union Institute. Available online at: https://www.etui.org
(Accessed January 12, 2026).

85. International Labour Organization. Available online at: https://www.ilo.org
(Accessed January 12, 2026).

86. Eurostat. Available online at: https://ec.europa.eu/eurostat (Accessed January 10, 2026).

87. Finnish Institute of Occupational Health. Available online at: https://www.ttLfi
(Accessed January 10, 2026).

88. Health and Safety Executive. Available online at: https://www.hse.gov.uk
(Accessed January 12, 2026).

89. Institution of Occupational Safety and Health. Available online at: https://www.iosh.
com (Accessed January 12, 2026).

90. National Institute for Occupational Safety and Health. Available online at: https://
www.cdc.gov/niosh (Accessed January 2, 2026).

91. Organisation for Economic Co-operation and Development. Available online at:
https://www.oecd.org (Accessed January 6, 2026).

92. World Health  Organization.
(Accessed January 12, 2026).

Available online at:  https://www.who.int

frontiersin.org


https://doi.org/10.3389/fpubh.2026.1857108
https://www.frontiersin.org/journals/public-health
https://www.frontiersin.org
https://doi.org/10.1111/j.1471-1842.2009.00848.x
https://doi.org/10.1016/j.ijnurstu.2018.03.012
https://doi.org/10.1186/1471-2288-13-48
https://doi.org/10.1080/1364557032000119616
https://doi.org/10.1038/s41598-025-20087-x
https://doi.org/10.12961/aprl.2024.27.03.04
https://doi.org/10.3389/frai.2022.868382
https://doi.org/10.3389/fpubh.2025.1639333
https://doi.org/10.24136/oc.2023.022
https://doi.org/10.3390/ijerph20136221
https://osha.europa.eu
https://osha.europa.eu
https://joint-research-centre.ec.europa.eu
https://doi.org/10.1001/jamanetworkopen.2024.26956
https://doi.org/10.1007/s00420-020-01588-5
https://doi.org/10.1007/s00420-020-01588-5
https://doi.org/10.1016/j.techfore.2023.122998
https://doi.org/10.1016/j.heliyon.2023.e13720
https://doi.org/10.1097/YCO.0000000000000613
https://osha.europa.eu
https://osha.europa.eu
https://osha.europa.eu
https://doi.org/10.2196/65766
https://doi.org/10.31637/epsir-2024-1122
https://doi.org/10.1016/j.actpsy.2025.105442
https://www.eurofound.europa.eu
https://osha.europa.eu
https://osha.europa.eu
https://www.insst.es
https://www.insst.es
https://www.insst.es
https://doi.org/10.1136/bmjhci-2023-101045
https://doi.org/10.3233/WOR-230456
https://doi.org/10.18848/2576-5310/CGP/v12i02/37-59
https://unece.org
https://unece.org
https://unece.org
https://www.ilo.org
https://www.who.int
https://www.who.int
https://www.etui.org
https://www.ilo.org
https://ec.europa.eu/eurostat
https://www.ttl.fi
https://www.hse.gov.uk
https://www.iosh.com
https://www.iosh.com
https://www.cdc.gov/niosh
https://www.cdc.gov/niosh
https://www.oecd.org
https://www.who.int

	Impact of artificial intelligence and work digitalization on mental health and occupational well-being: a scoping review
	1 Introduction
	2 Objective
	3 Methods
	3.1 Study design
	3.2 Research question
	3.3 Search strategy
	3.4 Eligibility criteria
	3.5 Study selection
	3.6 Data extraction
	3.7 Data synthesis

	4 Results
	4.1 Study selection
	4.2 Characteristics of included studies
	4.3 AI and perceived threat
	4.4 Digitalization, technostress, and work intensification
	4.5 Telework and platform-based work
	4.6 Positive effects and opportunities
	4.7 Inequalities, aging, and digital literacy

	5 Discussion
	5.1 Principal findings
	5.2 Interpretation in light of theoretical models
	5.3 Heterogeneity and contextual factors
	5.4 Vulnerable groups and inequalities
	5.5 Implications for occupational health and prevention
	5.6 Strengths and limitations
	5.7 Future research

	6 Conclusion

	Acknowledgments
	References

